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Introduction (1/3)

* Cl- Computational Intelligence with Human Intelligence

— One of the core technologies of Al
» Composed of Fuzzy Logic (FL),
* Neural Network (NN), and
 Evolutionary Computation (EC)
* Fuzzy Markup Language (FML)
— Proposed by a European research team in 2003
— Published in IEEE International Journal in 2005

— IEEE 1855 Standard in 2016

OASE Lab
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ClI&AI-FML
Human-in-the-Loop/ West HI & East HI _

Ontology Turing Test Eyes, Ears, Nose, Tongue, Body, Mind
Sights, Sounds, Smells, Tastes, Touch, Mind

Consciousness (&, &), Sight (A% ), Smell (=5: %), Touch (7§ &), Taste (& ¥ ) and Hearing (Fa %)

E]'%:\_'ﬂ \_ﬁxﬁ‘:&\l’/\%/g ‘g“é“’i‘ﬂ‘fé‘k
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° 1):33_'_&
« Agent
- BB

HAI for Reinforcement Learning

Human-Machine Co-Learning / HAI for RL
— Human-centered Al for Reinforcement Learning
— RNIEABERAC

* Observe Teacher & Student

© Kol PF 3 AR

 It's Location with Time/Space Domain

s BEIH

- ARBIFBAN

* Interactive Environment

o ITESARY
* Ontology

Lab
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HAI for Reinforcement Learning

« Teacher/GAIl & Student/GAI o Student/GAl: iZ = p &= 5>
- FREY — #F A
- E";;%—gmmg - Achi?ve’
— Human Intelligence - PHRER
— AR — Goal & Task
 Teacher/GAIl: 3z p & B2 4 4 Sk - &3
- RPIESE C RREV - AHTE RFIH 2 ED
: ?;zg;;{bjectlve Function — IR EE A RD S
— Loss Function
- 1R
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* Chinese Version
— Six Steps

» With Prof. Marek Reformat, Canada [ el y Iy Wil MGG | Wil

CKIP-based NLP for HI Ontology

Concept of Heart Sutra

» Accepted in 2023
- AR

s BEPEEIAS - RRAIFTEI

- B EEE

CRREY AETE RPPREIER

s— b S o
— TR BE

D G

- A AFE I

https://youtu.be/ETTY QkngFJw
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https://youtu.be/ETfYQknqFJw

CKIP-based NLP for HI Ontology Construction
and Understanding of Heart Sutra

Fap
L 5tep3 (Partl)

° E n g I I S h Ve rS I O n \uu;unmn ~ Al Dhma:a::m:mD

T ——— e T Sl | | L s omencin | Step 1

. - - N — Studyesearch s P v -

Not Produced, Not Defiled, Neither Increase faci:  |n Emptiness, ! rnc];ng, Cnﬁmhm. | / ) / . . \

not Destroyed not Pure | nor Diminish - thercis noForm | | Comsci b, 1 Form is the same as Emptiness Deep-Learning Intelligence |
onsciousness |

x ¥

Emptiness is the same as Form Arriving at Destination

- [TTT—— +
Eyes, Ears, Nose, Tongue, Body, or Mind I H H

* - Form itself is Emptiness Five Skandhas are All Empty

¥ Cross beyond +

I Sights, Sounds, Smells, Tastes, Objects of Touch, or Dharmas

| Emptiness itself is Form I\ | Al Suffering and Difficulty | /

AStep A (Part2) ~

na Eyes f'"'d: Mind = No Iguormice rldlﬂi Old Age and e Suffering,

wpto | Consciousness  Jand up ko Death : Accumulating

¥

Universal Meta-Intelligence —™ Genuine and not False

Step D o homim nderstand Spesl b aplain o ."'!-'[L‘]-'.I [
Spiritual, Bright

Supreme, Unequalled

h J v

| Remove all Suffering — Get Wonderful Intelligence

N /¢

hierefiong = = e =
Human — {PPY pcal Attaining | Ataining ¢ Knowledge  fo= ':’“&,E‘;‘“- Gate, Destination, Ehiman

Intelligence

AN >/
/_StEp4th.t1.j.......................................\
; Mo Distorted

i iof 3 4
e mpediment o] . N o] NotAfmid [5]  Dream- “|] Graduation |

in his Mind Impediment Thinking

Crm> oD G

Evolutionary
Intelligence

Computational
Intelligence

Artificial Intelligence

OASE Lab

/30



ClI&AI-FML Human-Robot Co-Learning

 Young students explore and discover the proposed learning environment
— Fuzzy Ontology
* Human Intelligence
— Machine Intelligence
« Artificial Intelligence

 CI&AI-FML @ TMU, Japan

A e R

— https://youtu.be/TFTROXDRS7AY g
N ’P‘iﬁ ) Fuzzy Ontology i
— BRPLEFEIAR BREIFFTEAL —
- B EEE _. - .
—EREY AGAE R PR ; “ec: o
° ?:T /;g‘ M /?EL ?g—_ .,|, .u .- --------
:»’9‘” -al-
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https://youtu.be/TfRbXDRS7AY

CI&AI-FML Human-Robot Co-Learning

 Ground Truth

— provided by IEEE CIS HSO (&-| ~ & ¢ ~ = &)
c BRp LIRS - BRIFFTEIH
- Bp eEE
c FREVAEFE RV PHRE~S 20
— FRARE AR
* Meta-Intelligence (3 it £ iy &)
— Approach closer and closer to the ground truth with
Time
— Vector Space & Subspace
— Mapping Function
— KB&RB Vector/ Matrix/ Tensor

« Knowledge Quantity
— Elementary/ Junior High-School
— Senior High-School/ University

OASE Lab

~ IEEE CIS HSO
Ground Truth
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Introduction (2/3)

« Al Meta Learning (#% it Al %)

— Empower Al to increase efficiency by learning how to learn Al
— Visual world that blends the physical world and the digital world
— Education is one of the Al Metaverse applications (B FZAIZ ¥ E*)
« audiovisual-based education and problem-based learning (PBL) methods
« Al Experiential Learning (AI#S% X 2 5% £ ¥)
— Important for young students and children
— what you see in writing Is different from how you feel while experiencing it
c BB LB SRR IFTER
- B &% [F3
-m&§”4ﬁﬁ SR RE S ER

— TR E AR S
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Heart Sutra-inspired CI&AI-FML
LAFEAIL BLERIA-RI/ARC A8

 Relationship between its components
— Eastern and Western Human Intelligence and Artificial Intelligence

Real-World . o
University | L > S .| CI Applications <
q‘i—"‘.'“ Applications "| Learning Concepts
=~ - = X
] 1—-_ ,I-:I.Il : ( = Y
Elementary - <= | Junior High School Senior High School Heart Sutra-based Learning Model B Q0. Il.l
School Students "‘—"'| Students Students Term Embedding Concept Vectors ‘- ot

'y : _— ey +

] Natural Language Natural Language . Evaluation Cl Applications
Heart Sutra Texts i_' CKIP Tagger > Processing Understanding Models Ontology

Fuzzy Logic & Set .
Heart-Sutra Meta Intelligence l«—»| Neural Network/Evolutionary Computation Domain Ontology b o
Computational Intelligence pamp) =7
' _—— (L), m
S ! faa‘;‘_v_'?':«»'h

\_ " [

.. - : "'.- y & i [
ke iman Intelli
Aicial Iuteliczac estern Human Intelligence 12 /30



Hl-based Semantic Understanding
CI&AI-FML Human-Robot Co-Learning - * *3% & 32 f&

Human Intelligence

Step 6
Explain & Speak

Step 1

 Six-step methodology
— Step 1. Observe & Go
— Steps 2 and 3: Study & Research s
— Step 4: Utilize & Follow Pl
— Step 5: Understand & Know
— Step 6: Explain & Speak | ;}1%&

« |EEE R10 EAC & 2023 CIS Education Portal
Event (03252023-No. 5)

o A https:/lyoutu.be/B Vglo5TfpM

Steps 2 and 3
Study & Research

b .

.;_).'.' .‘,"'

xS d

RS

. (‘,“ ‘u"»l"
"

FY &
TN TS
[, 2 b )
ke ‘-.?‘

Utilize & Follow

2 .
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https://youtu.be/B_VgIo5TfpM

CI&AI-FML Human-Robot Co-Learning

Student Experience and Learning

,.’,V
Metaverse
Students with Ontology Learning Platiorm
— Co-learn with CI&AI-EFML Tools AI-FML Lab. Human

Intelligence

— in different learning fields (£ ¥ 33 /4 %)

— in different cities (5 ¥ #-3/4 %) , Machine
Students with Human Intelligence ~ ___....__™" wence [ aweligence <"/ L) _i:.fnfflf‘?f“_‘:f ___________________

— HI (X 2 E/5 %) 2 D e

— KB&RB Vector/ Matrix |

— CI&AI-FML Learning platform : '

Machine Intelligence with GAI
— CI&AI-FML Learning platform '

— with CI&AI-FML Tools i AR NN
! ¢ Machine % T AI-FML Tools ___.—-~~

- M eta A I faStTeXt ! Intelligence A N -""“'""-----*- ------

— Sentence-BERT 5 N i

— ChatGPT ! N

- = ! M_onjtol_' . Monitor Learning Field
__________  learningFiedl ! awt ] Learning FERNS_____amm/iW __
OASE Lab



OASE Lab

CI&AI-FML Human-Robot Co-Learning

Meta-Knowledge Construction

Two Stages: Data Collection and Performance Evaluation
Cl-related Contents constructed by domain experts

— Students learn CI — & ﬁ ﬂ — i
Teachers | |1 1 B E Eﬁﬁ t Learning Experience :

Agent !

Students i

Data Collection Datac"“eaw"[ﬁ”\ ______ o ﬂ _____ =
— Interact with CI&AI-FML Tools | Teachers o Plementary jur

. ] CI-Related Contents . School thS h lHJghS hml
— ClI-based learning experience agent

Performance Evaluation

— Extract key concepts .——~

— Evaluate learning Performance Domain Expérts

— Qualitative analysis Performance Evaludfion | T
— Quantitative analysis N S —

Intelligent Learning

e — Intelligent Learning
Label Agent

I
vl o 50 100 Evaluation Agent
' (Learning Thermometers

_______________________________________________________________________________________



Structure of HI-based CI&AI-FML
ARAFEAILBLERFY B3]

Stage 1: Human L.earning Objectives (HL.QO)
Stage 1: Learning Data Preparation & Collection

s

* Four-Stage Structure

— Learning Data
* Preparation

HI-Inspired
CI&AT-FML

. - i-'::; - Cl&AI-FML Metaverse Domain Experts Qntology,
» Collection s isiiisisisiciulsluieiu il ettt St :
e —
1 . . CI&AI-FML CI&AI-FML '
® P rep roceSSI ng Kn;::?:\ii ic;:;-:pl NL-based Dictionary Learning Concept E
Repositor Repositor !
 NLP Stages 2, 3, and 4: Machine Learning Objectives (MLO) "\
- - - Stage 2: Learnlng Data Preprocessing
 Qualitative analysis R T
. . . i Word Segmentation (WS) Part -.3_I' Speech [PI:DS] Mamed Entity Recw_gnilinn (MNER)
« Quantitative analysis — Mechanism Tagging Mechanism e
CKIP-based 1 Matural Language (NL)-based Preprocessing Agent
H e Medel L L L L L L L L LTI R i | _
¢ Eval uatlon Stage 3: Learning Datﬂiﬁxnalysis I
ieati itati 4 T fasiText Model Training
— Meta Al fastText Analysis Apen Analysis Apent - N Agemt
fastText-based

— Sentence BERT = ------------mmmommommmoo S e - -2

":tﬂge 4: Learning Data Eva]u tion 0
"‘_ 2 30 O 5

h 4
4 — - Performance Learning l_:‘erl'arman::e
A % in Class Repository Evaluation Agent
Lab Teachers

Learning =k
— Thermometers
Repository

Teachers
Domain Experts

16 /30
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Introduction (3/3)

e This talk

T

— @ ¥%3z: Teacher (7 =+ &) 4+ 3 Students (s245% ~ g~ ~ WiE%)
— Introduce the CI&AI-FML Human-Robot Co-Learning (+ #+ £)
— Experience and practice the applications of Cl for young students

— Combine the core technologies of CI&AI-FML with the tenets of the Heart
Sutra (-« & » with Prof. Marek Reformat in Canada)

— Introduce the concepts of the CI&AI-FML in the learning fields of elementary
and high schools in Taiwan (s #2 ¥ #s%%)

* CI&AI-FML Learning (y=2# =)

OASE Lab

— https://youtu.be/T6udzVS21gl
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https://youtu.be/T6udzVS21gI

CI&AI-FML Metaverse Framework

Few

Human-Machine Co-Learning Model (% # % 2 #-3])

.
— Suitable for different age-group students
* Intelligent Agents (&t <) P TT—
— Evaluate learning thermometers o N[ || (ot )| (i | e T
— Generative Al / ChatGPT @NUTN B e || AP S RS
+ Hardware & Software (=% % 1 % = rag o SRR
— CI&AI-FML Robots ~_
— CI&AI-FML MoonCar
— CI&AI-FML Learning Tools . R
— AI-FML Lab/ ZAI-FML# 48 T 2 i, B
— AIl-FML Learning Platform Appliction oty | Comiion
* Metaverse Learning Fields *
 AI-FML-based Learning Cl Model o N B by

Artificial Intelligence
Computational Intelligence

OASE Lab o



ChatGPT @ NUTN
Impact of GAI In Learning & Education

 NUTN-Learner A (2023/06/Software Engineering)

— B $¥rxxE B ChatGPTH uﬁrm\g Pobe T8 fRqe R ¥ e R o v W 0w FSRTAE ~ R R R
frRF ML BIE REY REL 5 F 5 foj 2%F o

— Al 4 BB I ChatGPTw m w2 2 148« & 5 03]hp)d 4
ERLEN R R Y L LT fa1ger baAd mt @J fop

— By 68 ChatGPTmrs)igﬁvxbﬂfrg 4 A2 3T gngmrm
e FRRM AR R ERE ATV L ERTEREET oA E AN

i 4 o

— ChatGPT

» Learning Efficiency Improvement: ChatGPT can help me understand and learn software engineering knowledge more quickly. It can answer
my questions, provide explanations, and clarify concepts in software engineering, making learning easier and more efficient.

» Creativity Development: ChatGPT can assist me in enhancing creativity and innovation in requirements engineering and project planning. It
can generate creative plans and professional text in software engineering, inspiring my imagination and creativity in software requirements
engineering and project planning.

* Reduced Learning Motivation: The high level of automation and text generation by ChatGPT may decrease my intrinsic motivation to
actively learn. Due to ChatGPT's ability to answer software engineering questions and provide explanations, | might become overly reliant on
it, diminishing my ability to actively learn and think critically about software engineering and project planning.

‘?ﬁ | F7ie # o U ¥ 1A Q\:ﬁlj'{é L
3:‘5 4 o

18 Y $ 4 o d >Chat GPTW
R %j-ii”gg.l.ﬂﬁift’j% T E oA

OASE Lab
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ChatGPT @ NUTN
Impact of GAI In Learning & Education

-l T

* NUTN-Learner B (2023/06/ Software Engineering)

— ChatGPT ¥ » iisg v p A ¥ fri #3F 2 fif1 42 - F] 5 ChatGPT+ 1 & ik v & {odp & o
— FERRAREE g g W?%#‘ff’?f Wt > - RAER AFY a4
— fEChatGPT S £ S A A C o S < 32 £
— TUAREFTEHEFTREDT N FRETER- HTRERER
— %3¢ k3R ChatGPT £ 5 ¢ o
— ChatGPT

« ChatGPT can facilitate my self-directed learning and active exploration of software engineering because it can provide real-
time feedback and guidance. This contributes to a higher level of learning motivation and initiative, further enhancing my
ability for independent learning.

* However, it's important to note that the responses generated by ChatGPT may not be entirely accurate or may contain
incomplete information. Therefore, | should approach the information it provides with caution and conduct additional
verification and confirmation.

» For me, ChatGPT has a positive impact as a tool for learning and exploration in the field of software engineering.

OASE Lab o /30



ChatGPT @ NUTN
Impact of GAI In Learning & Education

 NUTN-Learner C (2023/06/ Software Engineering)
- AFEEALR P FYF A0
— A ANVAl IR AeiE T AEY AR BN AEY P R R
— B ATHREGEFEET DS PR R IAEF. B 0 TN REA 20 Al 1 E b
FVE i o
— ChatGPT

« For me, I find that the positive learning benefits outweigh the negative ones. The emergence of generative Al
has accelerated my learning process, reducing many detours in my learning journey. While the answers
provided may not always be entirely correct, the accuracy is generally high. Therefore, the learning benefits
of generative Al tools are significant for me.

OA Lab 21 /30



ChatGPT @ NUTN
Impact of GAI In Learning & Education

NUTN-Learner D (2023/06/Computer Game)

_ i ,;\;3(& Al 1 & i‘fﬂu\.gn '?’nn“‘ ' f‘;%(ﬁimﬁ;grg#,# X, L 4\%‘3 33 Enmiﬁfifﬁ N\ u N ;Ej_;ﬁ ’ 1%

RS T R R i %cﬁiﬁ A SR 5

— B AR ¥ 1R ChatGPT % % - 822% 3 pé:-ﬁ; fe R IRE AP R HF R R S~
SRRV U BAEFAEIT 0 0 BT UK B Y a7 W § I8 4 ok

— @ ¢ ChatGPT & - =7 * ﬁx,é,\ V24 ] pERR AT —‘EEFF” » Eh FRERRT L ehTle o @
s 3 g5 TN gm 72 fho

— ChatGPT

» Generative Al tools have had a significant impact on my learning in computer chess courses. Compared to grappling with
complex formulas and theories, courses that allow practical hands-on experience resonate with me more. Whenever |
encounter problems, | can seek answers from ChatGPT. While there may be occasional misleading information,
incorporating multiple checks can minimize errors, making the likelihood of mistakes close to zero. This allows us to
learn not only theoretical knowledge but also practical insights.

» Moreover, ChatGPT serves as an "ever-present teacher” who doesn't require rest, available 24 hours a day. Regardless of
the time, it can be accessed, and it doesn't have scheduling conflicts or meetings that might make it unavailable.

OASE Lab
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ChatGPT @ NUTN
Impact of GAI in Learning & Education

« NUTN-Learner E (2023/06/ Computer Game)
g :

— e FYxE 2wl ChatGPTie B 1 5 p > 40 F & T|Googledo® & drig p ¢ 3 & ehF L > 1
AU T B XIS ERE AV REL R REREE b it
a1 oA PR FRIHFFET AT ARG T 0 gAY gk o
? o D) 'mé'

: AR 2 wﬁg%m%éfgﬁ{ﬁ W 2 IO ﬁi%
g Y sy o ® iEE%éﬁ#fEﬁjip S %:E'f[il LR R AN ehet T8 > R & R BAIE B (RN R o N
i 4
— ChatGPT

 Positive Learning Benefits: Before the existence of ChatGPT, | used to rely on Google searches and sift through information to
find what | needed. It took a considerable amount of time to obtain the answers | was looking for. Now, with this tool, it
directly provides comprehensive information, and I only need to verify its accuracy, significantly enhancing the efficiency of
my learning.

* Negative Learning Impact: The ability to generate assignment documents through ChatGPT might lead to a sense of

complacency. Over time, there may be a tendency to only correct obvious errors, and excessive reliance could potentially
weaken my ability to think critically.

« Impact on My Learning: | believe that ChatGPT has a positive impact on my learning in the computer chess course, enhancing
the efficiency of my studies. It's crucial to remind myself that ChatGPT is merely an assistant and not a replacement for my
OA (ab own thinking. By doing so, | can ensure that the tool complements and elevates my capabilities rather than substituting them.

23 /30



ChatGPT @ NUTN
Impact of GAI In Learning & Education

-l T

 NUTN-Learner F (2023/06/ Computer Game)

FRH 2 o HAREEG e D
= ‘?E*JL“FF“ChatGPT IR BE AT aww FoowaEE A g T2 A A A g kR
% gy > ChatGPT & - i {343 engf b 1

_?I}%\:V ﬁ.‘imﬁ:’h)& mg\'lilz'mfg_ﬁ&’#%%\'é\‘ig%é’#fﬁ;g?bg)i

— A2 1 BB g A PR FRAS NI IR AR TR ALY
x1 E o

— ChatGPT

« Overall, it has a positive impact on me. As long as | possess a certain knowledge background regarding the questions posed to
ChatGPT and can discern the accuracy of its generated answers, ChatGPT serves as a valuable supplementary tool. It
accelerates the production of assignments, reduces task completion time, and provides more inspiration, thereby enhancing
overall efficiency.

» Al-generated tools may still make mistakes, so it's important to correct and assist them from the side rather than fully relying
on them to perform tasks independently. The collaboration between human judgment and Al-generated tools is crucial for
ensuring accuracy and completeness.

OASE Lab bs 130



@: CI&AI-FML Human-Machine Co-Learning

 Introduction to Language Learning Application by Human (00:43)
— https://youtu.be/ofsxoilpHZK (% & # 5 )

 Introduction to Language Learning Application by Machine (2:16)
— https://lyoutu.be/dMarvERmgll (3 4 # %

 Introduction to Language Learning Application by Human (3:09)
— https://lyoutu.be/sgdHmMYsiuw4 (3% & # 5)

OASE Lab
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https://youtu.be/ofsxoiIpHZk
https://youtu.be/dMarvERmgII
https://youtu.be/sgdHmYsiuW4

@: Basic ClI Domain Knowledge
for Young Student Learning (1/3)

- T

* |IEEE CIS High School Outreach (HSO) Subcommittee’s goal
— Facilitate the outreach to high-school students
— between the ages of 12-18
— and their teachers
* [EEE CIS High School Outreach (HSO) Subcommittee’s vision
— Find ways of bringing CI
— Into the classroom
— to Inspire young computer scientists
+ CI&AI-FML @ TMU, Tokyo, Japan
— 2023/02/16
— https://youtu.be/kKN7zZRES5Y X44 (F£ & B2 )

OASE Lab
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https://youtu.be/kN7zRE5YX44

» Estimate the quality of the students’ learning
— Cosine similarity
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Student’s Labels on Software Engineering
HE:te s FHB%E

Software Engineering on Mar. 11, 2022

Faw

() One student’s intelligent labels in Chinese £ Corresponding English Version excluding two pictures
!__' ¥ P 3 — User requirements are more abstract <-> system requirements are more explicit

functional requirements

m|R N ’ . o= — Requirement ol Services that the system should provide
1!“ E ] . R— Type non-functional requirements

TL e sTaE Cuuality requirernents and restrictions, etc.
un : Software Product Operation -> comectness, reliability, efficiency, integrity,

ualiny usability

E’ e ™ Product Development - maintainability, testability, flexibility

P Product Transition -> ponability, reusability, intesoperability
! m = Requirement Requirements Construction

- ares =Requirement Elicitation

T

R
iE

\

Post-it Notes

Pictures

Engineering --=-=-===-====#

=Requirements Analysis
=>Requirements Specification
>Requirements Validation

Prototy ping

(SR —

Throwaway Prototyping: The prototype system developed by the development
side will be designed for the poorly understood requirements, and its purpose is
to further clarify the requirements from the demand side

Evolutionary Prototyping: It will stant developing a prototype system from best
understood requirements, and then expand it to other functional requirements
after this prototype system i confirmed with the demand side.

Text Notes Q—/

= ] : o R R (Na) FOMELE (Na) paok Li2(Na) BEALE(Na) (EFH &Mk
o el ; 1 (Na) HS(VH) R0 K (Na) BIEE(VH) TTEEMEMR R (Na) $:50(Na) 31
(Ma) &HE(Na) BE(Na) [EFI(Na) &

cam ™ : HBE(VD) BERE(VC) JETIEENE TS

n:i#”HNn: IEEEME(Na) O] #EtE(Na) FEEiE(Na) B &1E(Na) R
(Na) ZESLEIRH(VC) DI %(Na) OLBIE HE(Na) FHiE(Na) BERTSEE
(Na) TTESHE PE(Na) #E(VC) #E(Na) T EA(VA) E“L H(Na) ;‘.’s E(Na)
HWE(VC) W ]{‘!HE&WIE: [E Fc“fhma} B HB{EVHC) BEREST
(VA) FEHEFT(Na) BETUA(Na) Fr(Na) B TH(Nc) BE(VC) &T'{Va:
FA(Na) JEH(V]) EE(Na) $:25MK(Na) 323H(VC) BAI(Na) F
(Ma) BE(Ned) #(VC) BiH(VC) THE(Na) BEFE(Na) 28 (Na) BF
(VH) T5:E(Na) S8E(VC) BeTY(Na) #2545 (Na) B:45(Na) FRE(Na) 0F
(Ned) FESE(VE) SEE8(VH) 08 F|(VCL) ThEE(Na) FZE(Ma)

Student’s Intelligent Labels on March 11, 2022

pastitNo = 4 and rextnoteNo = 4

pictureNo = 2 and dataLength = 241

Filtered word segmentation results
wsNe = 70 and nerNo =0
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